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In a nutshell Architecture (based on Mask2Former)

v’ New paradigm for 3D instance segmentation Feature Backbone Query Refinement Mask Prediction

v First transformer-based model | [Masked Decoder Layer .é ook

& t > Class
¢ No need for highly 3D specific components T . S
T $ Class
V SOTA on SCanNet Masked Decoder Layer > Mflisk
T ' Class

“ FaSt MethOd Masked Decoder Layer leaJsk
t 4 Class

The Dominating Voting & Grouping Paradigm ‘

Mask
A Center o & e AP

Class

Ageregate Segment

- Transformer : ,- | Transformer
Input 3D Scene 3D Instance Centers Output: 3D Instances ansform A ansform Segmonts Mask

Feature 52 . *é
Backbone S,

Our Paradigm 00000 [@oooo — - T

: + Features )
Learned Queries Sampled Queries

. 3D Instances 1) Parametric 2) Non-Parametric 3)+Features

Positions  Features mAP  mAP, Aggreg. Memory mAP  mAP;,

1) Parametric Parametric 45.1 63.3 -- 29.1 GB \2 - 47.7 67.2

2) Sampled Zeros 46.8 65.1 Average 26.5GB¢  46.8 65.1
3) Sampled  Features 45.5 65.6
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M2F3D: Mask2Former for 3D Instance Segmentation
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